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Data Processing Information

We constructed original output for the main text using data from the March Supplement
to theCurrent Population Survey, U.S. Census and American Community Survey Public Use
Microdata, and Survey of Income and Program Participation Data linked to Social Security
Administration Earnings RecordSIPRSSA). Below is additional information on how #hi
output was constructed.

Construction of Main Samples

The main amples, used in the analyses of March CPS and U.S. Census Bureau data,
were constructed according to the following specifications: we considered all civilian males aged
25-54 withnonimputed age, sex, race, or education information. When measuringdater
participation and wages in the CPS, we further excluded individuals with imputed current labor
force status and individuals with imputed hours worked per week or weeks viaskgdar.

When computing wages, we experimented with further dropping individuals with imputed wage
income. However, this had virtually no impact on calculated wage statistics. Thus, to preserve
consistency with the other analyses, we retained ingidsdwith imputed wage income when
constructing and analyzing wages#l/e considered 3 main samples: all men,-Riigpanic

whites, and notHispanic blacks.

Table 1 of the main text is based on SIPPA data. We used a slightly different, though
highly conparable, main sample in these analyses. See Table 1 notes for details.

Construction of Hourly Wages in March CPS Data

This involved several straightforward steps. First, we adjusted observed wage incomes
for top-coding. Before the 1995 survey, wageames were topoded at a common value. We
replaced these cases with the-tmale multiplied by 1.5. From 199810, wage incomes above
a topcode threshold were replaced with means of incomes above thedepconditional on
certain observed charagtics. After 2010, wage incomes above thedoge threshold
(different for each state) were systematically swapped with other reported values within a
bounded interval. We elected not to implement anyctming adjustments pe$095.

Second, we usedthe Personal Consumption Expenditures Deflator to convert nominal
values into 2017 dollars. Third, we computed annual hours worked. After the 1976 survey, this
simply involved multiplying weeks worked by usual hours worked per week. Before 1976,
weeksworked information is available only in the form of intervals, and usual hours worked per
week is not available. However, hours worked last week is avail&bigs, before 1976, we
imputed weeks worked using demographic information (race, age, edudatomjunction
with the observed weeks worked bin. We imputed usual hours worked per week using
demographic information in conjunction with the observed weeks worked bin and hours worked
last week. We used 191081 data to condition the imputation reggions.

Finally, we divided real annual earnings by annual hours worked to compute real hourly
wages. We trimmed wage outliensith calculated wages below $2.50 or above $t@ the
sample.In Figure 1 of the main text, we compute the average wag@iven year by applying
the exponential function to the average log wage. In Figure 2, we compute the average wage in
year y relative to 1973 by applying the exponential function to the difference in average log
wages between year y and 19F8ence theseries can be interpreted as geometric averages.

Re-Weighting to Hold the Age Distribution Constant Throughout Time



Throughout the main text we often consider 3 age group34238544, 4554,
However, in some cases we construct time setasstics based on the entire2% age range.
When we do this, we apply aweeighting procedure to hold the age distribution constant
throughout time.

The procedure works as followSuppose we are considering the time period between
yearyo and year:. We divide the prim@ge population into 6 age groups:2% 3034, é, 50
54. Denote these as age groups 1 through 6. We compute the share of the population observed
betweenyo andy: belonging to each of the age groups: these become tseigthroughws. To
construct an agadjusted time series for the conc€dor the entire primege population, we
computeC within each age group and each year (using individual sampling weights within each
age group and year to ensure national reptaien). Then we apply the weights to the
individual age group measures. Thus, for a given year

whereC,i is the measure @ for age group in yeary.
Construction of Yearly Employment Measuresfrom SIPP-SSA Data

Table 1 is based data from the SIPP Synthetic data product produced by the U.S. Census
Bureau. Se8enedetto, Stinson, and Aboy2013) for extensive information on data
constructionThe SI PP data record indivinmnmhlyéevesfor | abor
periods of 24 months or more; the SSA data re
long horizon.

The bottom panel of Table 1 useyearly measure of labéorce attachment based on
SSA earnings recosd The SIPPSSA datacontains 4 sources of earnings variables: total non
deferred earnings from FIGAovered jobs; total deferred earnings from Fi€#vered jobs;
total nondeferred earnings from jobs not covered by the FICA tax; and total deferred earnings
from jobs not covesd by the FICA taxWe summed all 4 sources of administrative earnings
together to come up with a measure of total yearly earnings. Next, we computed yearly labor
force attachment measures based on whether total earnings for the year were above a certain
minimum threshold. Following Coglianese (8)1we used a threshold ohehalf of the federal
minimum wage times 40 hours per week times 13 weeks per year.

Additional Information Regarding Household Income Tabulations

As discussed in the main texte use the years 192017 for this table, as this is the
range of years for which the March CPS fully distinguishes between all relevant sources of
income! We exclude households with imputed sources of incofsubstantial share of
households in osample(around 29%¥ontain a member who did nespond to the business
income question Thus, excluding these households resulted in a substantial change in the
sample. We verified that our tabulations were not sensitive to the exclusion of thesehisuse
For ease of exposition and to conserve space, Table 2 only distinguishes between the
manés ownr d@li stadod |baearyef i ts and fAother unearned

1 We exclude 20043s food stamps information is not available for this year.



disability benefits appear substantially more important thaethemme n 6 s ot her sour ce
unearned income. Rher inspection revealed thamemployment insurance befits were by far
the largest source of other unearned income, accounting for a majority of total unearned income
across most demographic groups, esplgdiat whites. Various public assistance programs
(bundled together in the CPSfasve | f ar e 0) a |l s-wiviabhsoucceswfotherd f or no
unearned income, especially for blacks. Ret i
nortrivial for menaged 4554.

The table also does not distinguish among
parents or spouse. Further analysis revealed that among whites atye@3%4), own
children accounted for around etierd (onehalf) of other household mdme rearrings. For
blacks aged 454, own children accounted for-350 per cent of ot her house
earnings. Unmarried partners accounted for roug®i25 (15) percent of other household
member s6 ear ni ngs f-d4 Acsossndstalemogrdphicagmbps, espemiglleg d 2 5
for blacks, unmarried partners and own children could not account for a majority of other
household membersd earnings. We did not delwv
earnings may be relatively importdot blacks. The remainder comprises a mix of other
rel at i v ersedl aatarmngmsoon e

Finally, note that Table 2 does not distinguish between a man who receives most of his
income from one source and a man who receives drivaaed share of hisncome from multiple
sources. Appendix Table A3 recomsgjor, rather tharmaximal sources of income.
Households in which no source of income accounts for the majority of total income are classified
as having multiple minority sources of income. Accogdio the table, relatively smdiut non
trivial shares of men across all demographic groups depend heavily on multiple sources of
income.

Decomposition Details

Table 5 of the main text and Table A4 of this appendix report the results of
within/between decomposition analyses of changes in the-faba participation rate over a
given time period. Here we provide details on the execution of these analyseeseSuppare
interested in how much of the LFP rate chabgeveen two yeadsyoandy:0 is due to changes
in the LFP ratavithin a given set of statuses (e.g. married and unmarried), and how much is due
to changedetweerthe two statuses (e.g. a shrinkingesof the married group and growing size
of the unmarried group)Formally, we write

YO "00 0 00 0 "OU
n 000 /f 000 1 D00 AR OO0

wherepst represents the proportion of the sample with marital ssimsirried or unmarried) at
timet; andLFPst represents the LFP rate of individuals with marital stattgimet.
To implement the decomposition, weeexpress the above equation as
n n 000 n 7 0700
n 000 000 n 000 000
n 000 000 n 0700 OO0

where the overline denotes the averagerd? between the two time periods. In this
decomposition, the first term describes the portion of the overall change that carbheedtta
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movements of the populatidoetweemarital statuses. For example, if married individuals work
more than single individuals and there is a decline in the marriage rate between the two time
points, the between term will be negative. The secoddrard terms describe the portion of the
overall change that can be attributed to changes in the LFRitiaile unmarried and married
statuses. If married men and unmarried both experience declines Hidad@attachment
between the two time pointihese terms will also be negative.

The general decomposition formula, in the case of an arbitrary niNrdfestatuses, is

n 000 OO0 1 000 OOV

wher e

the first term i s t hsefth® summatom & the secomdt u s O
l ine i s t

he fwirtthin status
Additional Information Regarding Disability Insurance

A Brief History of the Social Security Disability Insuranceprogram

The Social SecurityDisability Insuranceprogram(DI) wasenactedn 1956and
originally targeted individuals above the age of 50. In 18&lyiduals under50 weremade
eligible for the program Subsequently ligibility standarddiberalized andenefitlevels
increasedwith aftertax wagereplacementatesreachingéOpercent by the mid970s. With
theseincreasesn availability andgenerosity participation in thédl programgrew rapidly
during the 1960sand 1970s. By 1980, no less thap@rcent of the workingge population
was enrolled and in receipt of benefits (Bound and Waidmann, 1992).

Concerngrew during the 1970sthat many DI beneficiariesnight not actuallybe
eligible underthelaw. TheSocialSecurityAdministrationfirst respondedo this situatiorby
refining the regulationsguiding the decision to award DI. The consequenga® dramatic:
awardratesfell from 48.8to 33.3 percentbetween 197%and 1980. In 1980 Congresgassed
legislationto furthertightenadministrativecontroloverthe DI distribution process.The
numberof new awardsaccordingly dropped from40to .29 percentof all insuredworkers
betweenl980and 1982. At the sametime, therewas a five-fold increasein thenumberof
terminations: intwo years'time, 25 percentof beneficiarieshad their caseseviewed and
morethan40 percentof reviewed casewereterminated

Thesestricterpracticesled to questionsaboutdueprocess. Many who hadtheir
benefitsterminatedduringthis periodwonreinstatemenbnappealandconcerngrewthatmany
of thosewho did not appeatheir terminationswere,in fact, eligible for benefits. Widespread
criticism led Congressto further changethe law in 1984. Theseamendmenttada profound
effecton the standardsisedto evaluateDI eligibility. First, the burdenof proof was shifted
ontothe Social Security Administration to demonstrat¢hatthe healthof beneficiariesunder
review hadimprovedsufficiently to allow themto returntowork. Secondamoratoriumwas
imposedonreevaluation®f the mosttroublesomecased thosethatinvolved mental
impairmentsor paind until moreappropriategguidelinescouldbedeveloped.Third, benefits
werecontinuedfor thosewhoseterminationswereunderappeal. Fourth,sourceevidence



(evidenceprovidedby the claimant'sown physician)was required to be considerpdor to the
resultsof an SSA consultativeexamination.Fifth, consideratiorhadto begivento the
combinedeffecs of all anindividual'simpairments regardlesf whetherany single
impairmentwas severeenoughto qualify theindividual for benefits. Finally, andperhaps
mostimportanty, the SocialSecurityAdministrationsubstantiallyevisedts treatmenbf mental
illness reducingthe weightgiven to diagnosticfactorsandemphasizinghe ability of an
individual to functionin work or work-like settings.

Eligibility criteria further liberalizedin 1988andthenagainin 1991whenthe Social
SecurityAdministrationissuednew rulings on painthatgavecontrolling weightto source
evidence whesuchopinionsweresupportedy medicalevidenceandwerenotinconsistentvith
otherevidencan thecaserecord.In addition,courtopinionsthroughouthe 1980sandearly
1990gendedto reinforcethe increasing weight placed sourceevidence(Social Security
Advisory Board2001). Accordingly, rew awards grew dramatically for men during the late
1980s and early 1990s. Since then, conditional on agthandcalunemployment rateéhey
have remained stable (Liebman, 2015).

Appendix FigureA5 tracks the fraction of primage men receiving DI by age group.
While the fraction of men receiving disability insurance was rising, the proportion of men out of
the labor force was also risidgespecially older mernThecoincidence of these two trensisems
to suggest a causal connection in which the availability of generous disability benefits induced
older men to leave the labfarceto qualify for benefitgParsons, 1980 The movement of en
in relatively poor health out of the labor force and onto disabilitydadigphenomenon Bound
and Waidmanii1992)referred to as the earlier accommodation of health limitafocen
account for a sigficant fraction of the drop in the workforce attactmnef older prime aged
menbetweernl960and the late 19804lt is difficult, howeverto gauge the extent to which this
phenomenoran be causally attributed to the growth in the availability of disability insurance
programs as opposed to other forceg.(& drop in the demand for older, leskdlled workers in
poor health).See the main text for further analysis and discussion.

Other Disability Insurance Programs

Along with DI, the federal government runs two other programs targeted at the disabled
the SupplementarysecurityIncome (SSI) prograrand the Veterans Disability benefit program.
SSI benefits men who have had a very weak attachment to the workforce (Bound, Burkhauser
and Nichols, 2003), sibis unlikely to have any large effect on lalforce participation rates.
Veterandisability Compensation (DC) benefits are limited to veterans who can link their
disability to the service. Access to such benefits was dramatically increased when the VA
decided in 2001 to cover diabetes for Vietnam\eterans who had served in theater. Census
estimates show thabughly 30percentof menaged45-54 in 2000 were Vietnam era veterans.
Autor et al (2016 estimate that roughly li8ercentof Vietnam era veterans were receiving DC
benefits by 2014 antthat this reduced the lab&orce participation of this group by 18
percentage points. This suggests an effect on the overall populatio®béfyéar old men of
less than 1 percentage point (08es0.18times0.18). These calculationleadusto cornclude
the DC benefits have not contributed in a major wagyrép in primeage male labeforce
participation.



Investigation of Changing Skill Composition of Less€=Educated Population

As mentioned in the main text, when analyzing secular charlgbanmarket outcomes
conditional on educational attainment, it is important to consider the possibility that the
underlying skill composition of the legslucated population has changed over time. This is
especially relevant when considering the ksghool-dropout and higtschootdegreeonly
populations, which have shrunksize over timeelative tothe collegeeducated population.

To address this issue, wee the dataset of Deming (2017), whicimtains a variety of
cognitive and noitognitive skil measures derived from National Longitudinal Survely
Youth data.Importantly, such measures are consistently defined across all survey waves and
exist in both theNLSY79 andNLSY97, allowing for comparison across tinvée consider three
composite skill measures: cognitive, poognitive, and socialAll skill measures are
consistently defined across survey waves and normalized to have mean 0 and standard deviation
1 across the entire population of adult respondents. cdgnitive measure is the Armed Force
Quialification Test score, adjusted for maximum comparability across respondents and survey
waves by Altonji, Bharadwaj and Lange (2012). The-oognitive measure is a normalized
average of the Rotter Locus of Contaod Rosenberg Selisteem Scale, constructed by
Deming (2017) and also used by Heckman, Stixrud and Urzua (2006). The social measure is a
normalized average of measures-sefforted sociability and elicited conscientiousness. See
pages 1616 and 1618 @eming (2017) for more detalil.

Table A5 considers how average skill levels have changed over time within demographic
groups and how these changes may have contributed to secular change in labor market outcomes.
We consider a sample of men aged3330 maximize overlap in age range across survey waves
We consider two cohort groups: the 198 cohorts (taken from NLSY79 data) and the 1880
cohorts (taken from NLSY97). The table contains two panels: one for high school dropouts and
one for high schol graduates (but with no further educatiowWithin each education group, the
top subpanel reports average skill levels by race and cohort. The numbers reported in the

bottomsubp anel answer the question: ni-& cohattof i xed
those of the 19585 cohort, by how much would we expect average labor market outcomes of
the19888 4 cohort to change?o0 These nuwitmber s ar e

analysis. Br each race group in the 1988 sample, we regrefise labor market outcome of
interest orthe vector of skills, witttontrols for educatioby-age interactions. We then interact
the vector of estimated skill coefficients with a vectorldthange in average skill levels
between the 19584 and 1984 cohorts. That is, we estimate the regression

W I OE QT ££¢& 0ETQI £ OQAD 1 £

among respondenisn the 198884 cohorts of race (whether the intercept term contains a
constant and educatidyy-age efécts) Withtheestimated coefficients, we compute

Ni QQQ@DEOWHT ©é "Q WEQ I ££€E0ENV EEE OEQ
I T £0 Oai €0 oo

for eacheducatiorby-racegroup (where an overline denotes an average for the goigration
by raceby cohort group). We repeat this procedure for log wages and for employment status.



According to the table, average cognitive and-nognitive skill levels appear to have
increasedbetween the two cohorts for dropouts and for blacks. Social skills have decreased
between cohorts across all demographic groups. The regression decomposition analyses find
that had average skills been fixed at 1:859cohort levels, wages and emptognt would have
fallen further, albeit modestly, between the two cohort groups than thein dedlity. Average
skill levels have declined slightly for white high schgohduates, but not in a quantitatively
important manner for wage and employment trends.

Though these results may appear surprising given secular changes in high school and
college completion rates, they are relatively consistent with the work of AlRigradwaj and
Lange (2012) documenting population improvements in skill levels between the NLSY79 and 97
cohorts, especially for minority groups. One caveat is that we do not account for other factors
plausibly related to labor market outcomes in adalthsuch as childhood family income and
family structure. These variables plausibly determine measured skill levels but may also impact
labor market skills in unobserved ways. Regardless, our analysis fails to find evidence that the
no-college populatiomf men has become increasingly negatively selected on labor market skills
since the 1980s.
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Appendix Tables and Figures
Table Al. The Changing Demographic Composition of the Workforce, 196R016 (shares)

Education Age Group 1960 1970 1980 1990 2000 2010 2016
Native men 0.71 0.65 0.54 0.48 0.33 0.28 0.31
25-34  Immigrant men 0.03 0.04 0.09 0.17 0.34 0.40 0.36
Women 0.26 0.31 0.36 0.35 0.33 0.33 0.33
Native men 0.67 0.63 0.54 0.44 0.36 0.23 0.22
Dropouts  35-44  Immigrant men 0.03 0.04 0.07 0.15 0.26 0.40 0.42
Women 0.30 0.33 0.39 0.41 0.38 0.37 0.36
Native men 0.64 0.62 0.58 0.48 0.37 0.30 0.24
45-54  Immigrant men 0.06 0.04 0.05 0.10 0.22 0.31 0.39
Women 0.30 0.34 0.36 0.42 0.40 0.39 0.38
Native men 0.63 0.61 0.52 0.53 0.49 0.49 0.51
25-34  Immigrant men 0.01 0.02 0.02 0.04 0.07 0.11 0.10
Women 0.36 0.38 0.46 0.44 0.44 0.41 0.40
Native men 0.60 0.55 0.51 0.47 0.48 0.46 0.47
HS Grads 35-44 Immigrant men 0.02 0.02 0.02 0.03 0.05 0.10 0.12
Women 0.38 0.43 0.47 0.50 0.47 0.44 0.41
Native men 0.56 0.54 0.50 0.47 0.44 0.46 0.46
45-54  Immigrant men 0.04 0.02 0.02 0.03 0.04 0.06 0.09
Women 0.40 0.44 0.48 0.51 0.52 0.47 0.45
Native men 0.69 0.65 0.55 0.46 0.44 0.43 0.44
25-34  Immigrant men 0.03 0.03 0.03 0.04 0.06 0.06 0.06
Women 0.29 0.32 0.42 0.50 0.50 0.51 0.50
Native men 0.65 0.62 0.55 0.49 0.43 0.42 0.42

Some .
College 35-44  Immigrant men 0.03 0.03 0.03 0.04 0.05 0.07 0.07
Women 0.32 0.34 0.42 0.48 0.51 0.51 0.50
Native men 0.57 0.60 0.54 0.49 0.47 0.41 0.41
45-54  Immigrant men 0.04 0.03 0.03 0.04 0.04 0.06 0.07
Women 0.39 0.37 0.42 0.48 0.48 0.53 0.52
Native men 0.73 0.61 0.55 0.47 0.43 0.40 0.41
25-34  Immigrant men 0.02 0.03 0.03 0.05 0.06 0.07 0.07
Women 0.25 0.37 0.42 0.49 0.51 0.53 0.52
Completed I\!ative men 0.71 0.71 0.60 0.53 0.45 0.42 0.40
College 35-44  Immigrant men 0.03 0.03 0.05 0.05 0.07 0.09 0.09
Women 0.25 0.26 0.35 0.42 0.48 0.49 0.51
Native men 0.58 0.67 0.65 0.55 0.50 0.43 0.42
45-54  Immigrant men 0.04 0.03 0.04 0.06 0.06 0.08 0.08
Women 0.38 0.30 0.31 0.40 0.44 0.49 0.50
Native men 0.79 0.71 0.57 0.46 0.36 0.30 0.31
25-34  Immigrant men 0.05 0.06 0.05 0.10 0.13 0.11 0.11
Women 0.16 0.23 0.38 0.44 0.51 0.59 0.58
Native men 0.76 0.74 0.64 0.52 0.43 0.36 0.32

Advanced )
Degree 35-44  Immigrant men 0.05 0.07 0.08 0.08 0.13 0.13 0.13

Women 0.19 0.20 0.29 0.41 0.44 0.51 0.55

Native men 0.65 0.68 0.66 0.57 0.47 0.41 0.37

45-54  Immigrant men 0.06 0.06 0.06 0.08 0.08 0.11 0.13
Women 0.29 0.26 0.28 0.35 0.45 0.48 0.50

Sourcee Aut hor sd cal cul at i on s2000)easdeAtherican CothmuBity S@veyn(2680%6) ( 1 9 6 0
public use samplesiNe define the workforce for a given year as everyone who was employed > 13 weeks.




Table A2. EducationStatus Decomposition of Changes ithe Labor-Force Participation
Rate Among Males Aged 254

(percentage point changes in the LFP rate between 1967 and 2015)

Sample Total Chang' Between Within

HS dropout HS grad Some coll Colldegree Adv degree
All Men -7.73 2.65 -4.10 -4.14 -1.51 -0.51 -0.13
Whites -7.07 4.74 -5.89 -3.89 -1.43 -0.48 -0.11
Blacks -12.75 8.72 -12.78 -6.12 -2.00 -0.50 -0.08

SourceAut hor és calculations based on March Suppl ement to
this Appendix for detail on how the within/between decomposition was exedu€trates were measured in 5
year windows around the beginning and ennaligo thus 1967 refers to 196®; 2015 refers to 20187.
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Table A3. Additional Household IncomeCharacteristics of Men with Low Labor -Force
Attachment by Race, Education and Age, 182-2017

Panel A. High School Dropouts

Whites Blacks
25-34  35-44  45-54 25-34  35-44  45-54
Major Source of Income (%)

Own earnings 2 2 2 1 1 1
Own disabilty-related benefits 11 20 29 8 16 26
Earnings OR unearned income from:

parents 29 20 10 36 20 13

spouse 14 17 18 4 11 11

other HH members 22 17 18 28 26 22
HH food stamps income 3 3 2 3 3 3
Other source 2 4 4 2 3 4
Multiple sources 11 12 12 12 13 12
None (living on < $4 per day) 6 5 5 6 7 8
Panel B. High School Graduates

Whites Blacks
25-34  35-44  45-54 25-34  35-44  45-54
Major Source of Income (%)

Own earnings 2 3 2 2 2 2
Own disability-related benefits 8 17 23 7 13 22
Earnings OR unearned income from:

parents 33 19 10 36 22 10

spouse 13 19 21 7 15 16

other HH members 23 17 17 25 21 21
HH food stamps income 2 2 2 2 3 3
Other source 4 5 8 2 4 6
Multiple sources 10 11 11 12 10 10
None (living on < $4 per day) 5 7 6 7 10 10

Sourcee Aut horsdé calcul ations based on the M8&amplédcoistpgl!l e ment
all households in which at least one priege marwi t h A |-foomr d ea beotrasidesdefinedrasg dan who

worked no more than 13 weeks in the reference year. Households with imputed sources of income are excluded.
Disability-related benefits are not fully identifiable until 1988; food stamps benefits are not identifiable until 1992;

as a result, weonsider the years 199017. The numbers record the frequency with which each source of earnings
accounts for the majority of total household income. Households in which no single income source accounts for a
majority of total incomere classified in aeparate categonfExtremely poor householdwsibsisting ondss than $4

per day(with a squareoot equivalence scale employed to adjust for household siz=glassified as having no

maximal source of income. See main text for further detail.
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Table A4. Household Structure Decompositions of Changes in the Lab&iorce
Participation Rate Among Males with 310 Years of Potential Experience
(percentage point changes in the LFP rate between 1997 and 2015)

Ethnicity = Education Total Changt Between Wrth|n. -
w/ Parent  Unmarried Married
AllMen Dropouts -15.6 -1.1 -12.8 -1.4 -0.3
HS grads -5.9 -1.0 -3.6 -0.7 -0.6
Some college -0.6 -0.9 -0.8 1.0 0.2
Whites Dropouts -19.6 -1.2 -16.2 -1.3 -0.8
HS grads -6.1 -0.7 -3.8 -0.9 -0.7
Some college -0.6 -0.6 -0.6 0.4 0.1
Blacks Dropouts -18.3 -0.1 -13.5 -4.2 -0.5
HS grads -6.1 -1.2 -2.8 -1.2 -0.8
Some college 0.3 -1.2 -0.3 1.8 0.0

Sourcee Aut hor sd ¢ al c ulMarthiSepplemert ta theeQlrreatiPoptldtien Survey. See first section of
this Appendix for detail on how the within/between decomposition was executed. LFP rates were measured in 5
year windows around the beginning and endpoints: thus 1997 refers t®992815 refers to 20187.
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Table A5. Assessment of Changing Skill Composition of Leg&ducated Male Populations
over Time: Evidence from the NLSY79 and 97

Whites Blacks
1959-65 cohort  1980-84 cohort 1959-65 cohort ~ 1980-84 cohorts
(NLSY79) (NLSY97) (NLSY79) (NLSY97)

Panel A. High School Dropouts
skill type Average normalized skil levels
cognitive -0.76 -0.19 -1.39 -1.10
non-cognitive -0.38 -0.31 -0.51 -0.05
social -0.11 -0.14 -0.26 -0.33
labor mkt outcome Predicted change if average skills were fixed at 1959-65 cohort levek
avg(in(wage)) -- -0.03 -- -0.02
full-time employment rate -- -0.02 -- -0.03

Panel B. High School Graduates
skill type Average normalized skil levels
cognitive 0.08 0.04 -0.97 -0.60
non-cognitive -0.08 -0.13 -0.14 -0.08
social 0.03 -0.12 0.06 -0.25
labor mkt outcome Predicted change if average skils were fixed at 1959-65 cohort levek
avg(in(wage)) -- 0.01 -- -0.02
full-time employment rate -- 0.01 -- -0.02

Sourcee Aut horsé cal cul ati ons b as e the datasetNde®iy Detningg(2087). AF dat a t
skill measures are consistently defined across survey waves and normalized to have mean 0 and standard deviation 1
across the entire population of adult respondents. The cognitive measure is the Armed Forcatualiést

score, adjusted for maximum comparability across respondents and survey waves by Altonji, Bharadwaj and Lange
(2012). The nortognitive measure is a normalized average of the Rotter Locus of Control and Rosenberg Self

Esteem Scale, constructkyg Deming (2017) and also used by Heckman, Stixrud and Urzua (2006). The social

measure is a hormalized average of measuresegmfted sociability and elicited conscientiousness. See pages

1616 and 1618 of Deming (2017) for more detail.

This table considers men aged25% to maximize overlap in age range across survey waves. Within each education

group, the top supanel reports averagiill levels by race and cohort. The numbers reported in the bottom sub

panel answer the question: fi i-84 colart tofthose efdhe EO®3ecoharg ey s ki | | I
how much would we expect average labor market outcomes of tle8198 cohort t o change?0 Th
calculated via standard decomposition analysis: for eaclgraae in the 19884 samplewe regress the labor

market outcome of interest on the vector of skills and include controls for edubgtaaye interactions. We then

interact the vector of estimated skill coefficients with a vectoet tithange in average skill levels between the

1959-64 and 19884 cohorts See pages-8 of this appendix for further detail.
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Figure Al. Real Hourly Earnings by Education Status, Cmparison of Original Series to
those which Adjust for NonWorkers, 19652016
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SourceeAut hor sd cal c ulclaCPiS datas Gréph is eustrusted inNhe same way as Figure 1 of the

main text, except that we add dotted lines to represent geometric average hourly earnings for the entire population of
prime-age men: i.e. including neworkers. Following Juhn, Murphand Topel (1991), we impute hourly earnings

for full-year noaworkers based on the observed wages of comparable men who worked <= 13 weeks last year. See
the above text of this appendix for further detail.
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Figure A2. Male Real Hourly Earnings Relative to 1973 by Education, Race and Age, 1965
2016
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Figure A3. The Falling Labor Share, Non-Farm Business Sector, 1942016
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Figure A4. Male Labor-Force Participation Rates by Education, Race and Age, 196516
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