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Data

Social Security Data

Source: INPS

Universe of private sector (except agriculture), 1985-
2014.

Individual level: 

Demographics,
Employment history, 
Labor income, 
Job characteristics.

Firm-level: 

Entry/exit
Size
Worker characteristics, 
Industry, 
Location.
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Data

Individual Level

Registry of Local Politicians (RLP)
Source: Ministry of the Interior.

• Universe of local politicians (regional, 
province, municipality level) 1985-2014.

• Demographics, education, position 
attributes, party affiliation.

Social Security Data

Source: INPS

Universe of private sector (except agriculture), 1985-
2014.

Individual level: 

Demographics,
Employment history, 
Labor income, 
Job characteristics.

Firm-level: 

Entry/exit
Size
Worker characteristics, 
Industry, 
Location.

• 515K unique politicians
• 2.8 mln observations
• 11% (vice)mayor/(vice)president

20% executive positions
69% council members

• 31% work in private firms
• 145K firms ever get connected

———————————————
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Data

Individual Level

• 36K elections
• 5K with 5% margin of victory

Registry of Local Politicians (RLP)
Source: Ministry of the Interior.

• Universe of local politicians (regional, 
province, municipality level) 1985-2014.

• Demographics, education, position 
attributes, party affiliation.

Elections Data
Source: Ministry of the Interior +

own data collection.

• Local elections (regional, province, 
municipality) 1993-2014.

• Candidates, parties/coalitions, 
allocation of votes and seats.

• Identify marginally contested elections 
and its winners and losers.

Social Security Data

Source: INPS

Universe of private sector (except agriculture), 1985-
2014.

Individual level: 

Demographics,
Employment history, 
Labor income, 
Job characteristics.

Firm-level: 

Entry/exit
Size
Worker characteristics, 
Industry, 
Location.
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Data

Registry of Local Politicians (RLP)
Source: Ministry of the Interior.

• Universe of local politicians (regional, 
province, municipality level) 1985-2014.

• Demographics, education, position 
attributes, party affiliation.

Elections Data
Source: Ministry of the Interior +

own data collection.

• Local elections (regional, province, 
municipality) 1993-2014.

• Candidates, parties/coalitions, 
allocation of votes and seats.

• Identify marginally contested elections 
and its winners and losers.

Patent Data 
Source: PATSTAT.

• All EPO patents filed by Italian firms in 
1990-2014.

• Patent characteristics: patent families, 
grant status, technology classification, 
citations received, claims.

Firm-level Data
Source: Cerved.

• Universe of limited companies, 1993-
2014.

• Balance sheet, income statement.Social Security Data
Source: INPS.

Universe of private sector employment, 1985-2014 
(except agriculture), .

Individual level: 

Demographics,
Employment history, 
Labor income, 
Job characteristics.

Firm-level: 

Entry/exit
Size
Worker characteristics, 
Industry, 
Location.

Individual Level Firm Level
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Firms’ Connections with Local Politicians

I Connection: dummy equal to one at t if a firm employs any local
politician at time t.

I High-rank Connection: dummy equal to one at t if a firm employs
at least one mayor/president/vice-mayor/vice-president at t.

I Italy has:
- 8000 municipalities
- 110 provinces
- 20 regions

———————————————
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Empirical Analysis: Outline

I. Summary Statistics.

II. Firm Moments:
1. Connection vs innovation;
2. Survival;
3. Firm Size Growth;
4. Productivity growth.

III. Politicians’ Facts.

———————————————
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Summary Statistics

Table 2: Statistics on Local Politicians
Category Position Share

Regional Rank: Region 0.8%
Province 2.6%

Municipality 96.6%

Hierarchical Rank: Mayor, President, Vice-mayor, Vice-president 11.3%
Executive councilor 19.6%

Council member 69.1%

Majority Affiliation: Majority 73%

Notes: Definitions of Connection, Connection high-rank and Connection majority are given in Section 3.2. The statistics on number of
politicians employed are given conditional on having a connection.

additional 19.6% have executive roles (e.g., XXX FRANCESCA?). Finally, 73% of the politicians are
part of the ruling party or coalition.

Dataset #5: Elections Data

We derive data on elections at the regional, province, and municipality level from the Ministry of
Interior and complement it with our own data collection from various sources online (online election
archives, Wikipedia). The final data covers all local elections during the period of 1993-2014. We
have information on identities of all the candidates (names and demographics); parties/coalitions
participating in the elections and candidates that they support; votes obtained (for candidates or
parties) in each election round, if multiple; allocation of seats in the council.

This data serves two purposes. First, it helps complement winning/majority party or coalition
identification from RLP. Second, and more importantly, we identify marginally contested elections
and party affiliations of marginally winning or losing parties or coalitions.

3.2 Descriptive Statistics

In this section, we describe various trends that we observe in the final matched data. We first
start with some variable definitions. Additional details on variable construction are provided in
Appendix ??.

We label a firm as being “connected at time t” if at least one politician of a certain type is
working in that firm in the same year. Notice that our definition, more conservatively, is based
on the contemporaneous employment relations8. The main political connection indicators we use
throughout the paper are:

• Connectionit: = 1 if at least one politician is working in firm i at time t.

• Connection high rankit: = 1 if at least one high-rank politician, defined as either mayor, re-
gion or province president, vice-mayor or vice-president, or a (vice-)president of a council, is
working in firm i at time t.

8Interestingly, looking at the first time that a firm becomes connected, we observe that in the majority of the cases (63%)
the firm gets connected through a worker already employed for the firm, while in the remaining cases the politician gets
hired by the firm (either moving from another firm, being a “professional politician” or a self-employed/professional not
enrolled in INPS.)

8
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Share of Connected Firms

Connection By Firm Age and Size

Figure 2: Bureaucracy and Connections across Industries
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Notes: This binscatter plots (split into 20 quantiles) and linear fits between bureaucracy indices and share of connected
firms across 58 industries. Sector-level bureaucracy index is defined as share of newspaper articles about a sector from
Factiva News search that have government regulation or bureacracy-related words as listed in footnote 16.
connected with politicians. Conditional on size, age matters as well: older firms are significantly
more likely to have political connections than younger firms.

Figure 3: Share of Connected Firms by Size and Age
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Notes: The figure shows share of connected firms by age and size bins.

This establishes our first stylized fact:

Fact 1. Firm-level political connections are widespread, especially among large and old firms.

Political connections might have important implications for the aggregate industry dynamics.
If political connections slow down competition, industries with connected firms may feature lower
business dynamism, face lower firm entry and reallocation, be dominated by larger or older firms
and, as a result, might have lower productivity and growth. In this section, we provide descriptive
statistics at the industry and region level consistent with these conjectures.

13

I Connected firms account for 32% of employment.
———————————————
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Which Industries Are Connected?

I Look at newspaper articles from four large news providers:
Bloomberg, Dow Jones Adviser, Financial Times, The Wall
Street Journal

I Keywords: regulation*, regulated, regulator, bureaucracy,
bureaucratic, deregulation, deregulated, paperwork*, red tape,
license and licenses

I ABL calculate the “Bureaucracy Index” of sector i as follows:

Bureaucracy Index(i) = [All articles related to i] ∩ [All articles that contain keywords]
All articles related to i

.

———————————————
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Which Industries Are Connected?Figure 2: Bureaucracy and Connections across Industries
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firms across 58 industries. Sector-level bureaucracy index is defined as share of newspaper articles about a sector from
Factiva News search that have government regulation or bureacracy-related words as listed in footnote 16.
connected with politicians. Conditional on size, age matters as well: older firms are significantly
more likely to have political connections than younger firms.

Figure 3: Share of Connected Firms by Size and Age
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Notes: The figure shows share of connected firms by age and size bins.

This establishes our first stylized fact:

Fact 1. Firm-level political connections are widespread, especially among large and old firms.

Political connections might have important implications for the aggregate industry dynamics.
If political connections slow down competition, industries with connected firms may feature lower
business dynamism, face lower firm entry and reallocation, be dominated by larger or older firms
and, as a result, might have lower productivity and growth. In this section, we provide descriptive
statistics at the industry and region level consistent with these conjectures.

13
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Summary Statistics, ctd

Connections and Industry Dynamics

Entry Rate and Connections

.0
6

.0
8

.1
.1

2
E

nt
ry

 ra
te

0 .2 .4 .6 .8
Share of connected firms

Growth and Connections

-.0
5

0
.0

5
.1

E
m

pl
oy

m
en

t g
ro

w
th

0 .2 .4 .6 .8
Share of connected firms

Notes: Binscatter plots from industry × region × year level regressions. Variables on Y axis are adjusted for industry, year,

and region fixed effects. Variables on X axis: share of firms connected. Details More
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II. Firm Moments
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Leadership Paradox: Connection vs Innovation

Eight facts about the politics of business

Before describing the authors’ findings about 
local political connections and firm behavior, it 
is worth noting that their analysis is based on a 
detailed, large-scale micro dataset from 1993-2014 
that merges firm-level balance sheet data, social 
security data on the universe of workers, patent 
data from the European Patent Office, the registry 
of local politicians, and detailed data on local 
elections in Italy. These data allow the authors 
to exploit the differences in the type of political 
connections, based on the level or the rank of a 
position, or party affiliation of a 
politician employed.

Importantly, the authors focus on local politicians 
at the municipality, province, and regional level. 
Most existing research on this subject focuses 
on high-profile connections such as parliament 
members; however, low-profile connections are 
much more prevalent and those politicians hold 
sway over such factors as the provision of public 
services, issuance of permits and licenses, and the 
application of administrative burden. The authors’ 
unique dataset allows them to examine how firms 
change their competition strategy as they gain 
market power, revealing what firm-level outcomes 
are associated with (or implied by) political 
connections.

For purposes of their work, the authors define 
local political connection as when an individual 
holds a local political seat (like mayor or city 
council member), and also has a job in private 
industry. The authors’ analysis reveals eight facts, 
briefly described here and at greater length in 
the full working paper, that reveal the influence of 
local political connections on Italian firm behavior 
in the private sector:

Fact 1: Firm-level political connections are 
widespread, especially among large and  
old firms.

Large firms have much to gain through political 
connections, in terms of protecting their market 
share. And since it takes time to build those 
connections and to align with winning candidates 
and parties, older firms are often well connected. 
In Italy, while the average share of connected firms 
by industries is around 4.5 percent, connected 
firms account for 33.6 percent of employment 
across industries. Further, 45 percent of firms with 
more than 100 workers are politically connected.  

Fact 2: More connected industries face lower firm 
entry, but conditional on entry, entrants are more 
likely to be connected than in other industries.

Industries with more political connections are 
less dynamic (not as much entry and exit as 
otherwise), and incumbents in these industries 
are larger, on average. Entrants might seek 
political protection before entering a market. 
Consequently, connected industries have fewer 
young and small firms and, therefore, do not 
benefit from the innovation that these firms 
typically bring.  

Fact 3: Industries with higher share of politically 
connected firms have a lower share of young 
firms and show lower growth and productivity.

Following from the first two facts, the third 
result shows that industries with higher political 
presence grow less, on average, and are less 
productive. Most of this negative relationship 
stems from the fact that more connected 
industries are dominated by large and old firms.

Figure 1:  Leadership Paradox: Market Rank, Innovation,  
and Political Connection
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Becker Friedman Institute at the University of Chicago · 1126 E. 59th Street, Chicago, IL 60637 · Main: 773.702.5599 · bfi.uchicago.edu	

Market = 6-digit industry × 20 Regions × 1993-2014
Rank: by employment share
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Leadership Paradox: Leadership and Connection

Eight facts about the politics of business

Before describing the authors’ findings about 
local political connections and firm behavior, it 
is worth noting that their analysis is based on a 
detailed, large-scale micro dataset from 1993-2014 
that merges firm-level balance sheet data, social 
security data on the universe of workers, patent 
data from the European Patent Office, the registry 
of local politicians, and detailed data on local 
elections in Italy. These data allow the authors 
to exploit the differences in the type of political 
connections, based on the level or the rank of a 
position, or party affiliation of a 
politician employed.

Importantly, the authors focus on local politicians 
at the municipality, province, and regional level. 
Most existing research on this subject focuses 
on high-profile connections such as parliament 
members; however, low-profile connections are 
much more prevalent and those politicians hold 
sway over such factors as the provision of public 
services, issuance of permits and licenses, and the 
application of administrative burden. The authors’ 
unique dataset allows them to examine how firms 
change their competition strategy as they gain 
market power, revealing what firm-level outcomes 
are associated with (or implied by) political 
connections.

For purposes of their work, the authors define 
local political connection as when an individual 
holds a local political seat (like mayor or city 
council member), and also has a job in private 
industry. The authors’ analysis reveals eight facts, 
briefly described here and at greater length in 
the full working paper, that reveal the influence of 
local political connections on Italian firm behavior 
in the private sector:

Fact 1: Firm-level political connections are 
widespread, especially among large and  
old firms.

Large firms have much to gain through political 
connections, in terms of protecting their market 
share. And since it takes time to build those 
connections and to align with winning candidates 
and parties, older firms are often well connected. 
In Italy, while the average share of connected firms 
by industries is around 4.5 percent, connected 
firms account for 33.6 percent of employment 
across industries. Further, 45 percent of firms with 
more than 100 workers are politically connected.  

Fact 2: More connected industries face lower firm 
entry, but conditional on entry, entrants are more 
likely to be connected than in other industries.

Industries with more political connections are 
less dynamic (not as much entry and exit as 
otherwise), and incumbents in these industries 
are larger, on average. Entrants might seek 
political protection before entering a market. 
Consequently, connected industries have fewer 
young and small firms and, therefore, do not 
benefit from the innovation that these firms 
typically bring.  

Fact 3: Industries with higher share of politically 
connected firms have a lower share of young 
firms and show lower growth and productivity.

Following from the first two facts, the third 
result shows that industries with higher political 
presence grow less, on average, and are less 
productive. Most of this negative relationship 
stems from the fact that more connected 
industries are dominated by large and old firms.

Figure 1:  Leadership Paradox: Market Rank, Innovation,  
and Political Connection
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Leadership Paradox: Leadership and Innovation

Eight facts about the politics of business

Before describing the authors’ findings about 
local political connections and firm behavior, it 
is worth noting that their analysis is based on a 
detailed, large-scale micro dataset from 1993-2014 
that merges firm-level balance sheet data, social 
security data on the universe of workers, patent 
data from the European Patent Office, the registry 
of local politicians, and detailed data on local 
elections in Italy. These data allow the authors 
to exploit the differences in the type of political 
connections, based on the level or the rank of a 
position, or party affiliation of a 
politician employed.

Importantly, the authors focus on local politicians 
at the municipality, province, and regional level. 
Most existing research on this subject focuses 
on high-profile connections such as parliament 
members; however, low-profile connections are 
much more prevalent and those politicians hold 
sway over such factors as the provision of public 
services, issuance of permits and licenses, and the 
application of administrative burden. The authors’ 
unique dataset allows them to examine how firms 
change their competition strategy as they gain 
market power, revealing what firm-level outcomes 
are associated with (or implied by) political 
connections.

For purposes of their work, the authors define 
local political connection as when an individual 
holds a local political seat (like mayor or city 
council member), and also has a job in private 
industry. The authors’ analysis reveals eight facts, 
briefly described here and at greater length in 
the full working paper, that reveal the influence of 
local political connections on Italian firm behavior 
in the private sector:

Fact 1: Firm-level political connections are 
widespread, especially among large and  
old firms.

Large firms have much to gain through political 
connections, in terms of protecting their market 
share. And since it takes time to build those 
connections and to align with winning candidates 
and parties, older firms are often well connected. 
In Italy, while the average share of connected firms 
by industries is around 4.5 percent, connected 
firms account for 33.6 percent of employment 
across industries. Further, 45 percent of firms with 
more than 100 workers are politically connected.  

Fact 2: More connected industries face lower firm 
entry, but conditional on entry, entrants are more 
likely to be connected than in other industries.

Industries with more political connections are 
less dynamic (not as much entry and exit as 
otherwise), and incumbents in these industries 
are larger, on average. Entrants might seek 
political protection before entering a market. 
Consequently, connected industries have fewer 
young and small firms and, therefore, do not 
benefit from the innovation that these firms 
typically bring.  

Fact 3: Industries with higher share of politically 
connected firms have a lower share of young 
firms and show lower growth and productivity.

Following from the first two facts, the third 
result shows that industries with higher political 
presence grow less, on average, and are less 
productive. Most of this negative relationship 
stems from the fact that more connected 
industries are dominated by large and old firms.

Figure 1:  Leadership Paradox: Market Rank, Innovation,  
and Political Connection
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Leadership Paradox: Innovation and Connection

Eight facts about the politics of business

Before describing the authors’ findings about 
local political connections and firm behavior, it 
is worth noting that their analysis is based on a 
detailed, large-scale micro dataset from 1993-2014 
that merges firm-level balance sheet data, social 
security data on the universe of workers, patent 
data from the European Patent Office, the registry 
of local politicians, and detailed data on local 
elections in Italy. These data allow the authors 
to exploit the differences in the type of political 
connections, based on the level or the rank of a 
position, or party affiliation of a 
politician employed.

Importantly, the authors focus on local politicians 
at the municipality, province, and regional level. 
Most existing research on this subject focuses 
on high-profile connections such as parliament 
members; however, low-profile connections are 
much more prevalent and those politicians hold 
sway over such factors as the provision of public 
services, issuance of permits and licenses, and the 
application of administrative burden. The authors’ 
unique dataset allows them to examine how firms 
change their competition strategy as they gain 
market power, revealing what firm-level outcomes 
are associated with (or implied by) political 
connections.

For purposes of their work, the authors define 
local political connection as when an individual 
holds a local political seat (like mayor or city 
council member), and also has a job in private 
industry. The authors’ analysis reveals eight facts, 
briefly described here and at greater length in 
the full working paper, that reveal the influence of 
local political connections on Italian firm behavior 
in the private sector:

Fact 1: Firm-level political connections are 
widespread, especially among large and  
old firms.

Large firms have much to gain through political 
connections, in terms of protecting their market 
share. And since it takes time to build those 
connections and to align with winning candidates 
and parties, older firms are often well connected. 
In Italy, while the average share of connected firms 
by industries is around 4.5 percent, connected 
firms account for 33.6 percent of employment 
across industries. Further, 45 percent of firms with 
more than 100 workers are politically connected.  

Fact 2: More connected industries face lower firm 
entry, but conditional on entry, entrants are more 
likely to be connected than in other industries.

Industries with more political connections are 
less dynamic (not as much entry and exit as 
otherwise), and incumbents in these industries 
are larger, on average. Entrants might seek 
political protection before entering a market. 
Consequently, connected industries have fewer 
young and small firms and, therefore, do not 
benefit from the innovation that these firms 
typically bring.  

Fact 3: Industries with higher share of politically 
connected firms have a lower share of young 
firms and show lower growth and productivity.

Following from the first two facts, the third 
result shows that industries with higher political 
presence grow less, on average, and are less 
productive. Most of this negative relationship 
stems from the fact that more connected 
industries are dominated by large and old firms.

Figure 1:  Leadership Paradox: Market Rank, Innovation,  
and Political Connection
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2. Firm Performance: Firm Survival and Connection
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3. Firm Performance:
Firm Growth and Political Connection

Empl growth Empl growth VA growth VA growth
(OLS) (FE) (OLS) (FE)

Connection 0.032∗∗∗ 0.040∗∗∗ 0.039∗∗∗ 0.014∗∗∗
(0.001) (0.002) (0.002) (0.002)

Connection major 0.003∗ 0.007∗∗∗ 0.010∗∗∗ 0.002
(0.001) (0.002) (0.002) (0.002)

Log Assets 0.065∗∗∗ 0.203∗∗∗ 0.036∗∗∗ -0.091∗∗∗
(0.000) (0.001) (0.000) (0.001)

Log Size -0.077∗∗∗ -0.384∗∗∗ -0.080∗∗∗ -0.235∗∗∗
(0.000) (0.001) (0.000) (0.001)

Age -0.002∗∗∗ -0.011∗∗∗ -0.004∗∗∗ -0.005∗∗∗
(0.000) (0.000) (0.000) (0.000)

Year FE YES YES YES YES
Region FE YES NO YES NO
Industry FE YES NO YES NO
Firm FE NO YES NO YES
Observations 6545131 6585740 5684519 5710338

Notes: Firm-level regressions. Connections/Connection major are dummy variables equal to one if firm is connected with

any/majority-party politician at time t. Results using connection definition using high-rank politicians is here .
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4. Firm Performance:
Productivity Growth and Political Connection

LP growth LP growth TFP growth TFP growth
(OLS) (FE) (OLS) (FE)

Connection -0.014∗∗∗ -0.028∗∗∗ -0.008∗∗∗ -0.019∗∗∗
(0.002) (0.002) (0.001) (0.002)

Connection major -0.001 -0.004 0.000 -0.003
(0.002) (0.003) (0.002) (0.002)

Log Assets -0.028∗∗∗ -0.274∗∗∗ -0.001∗∗∗ -0.106∗∗∗
(0.000) (0.001) (0.000) (0.001)

Log Size 0.021∗∗∗ 0.274∗∗∗ -0.006∗∗∗ 0.125∗∗∗
(0.000) (0.001) (0.000) (0.001)

Age -0.001∗∗∗ -0.002∗∗∗ -0.001∗∗∗ -0.003∗∗∗
(0.000) (0.000) (0.000) (0.000)

Year FE YES YES YES YES
Region FE YES NO YES NO
Industry FE YES NO YES NO
Firm FE NO YES NO YES
Observations 5598367 5623077 5271002 5291979

Notes: Firm-level regressions. Connections/Connection major are dummy variables equal to one if firm is connected with

any/majority-party politician at time t. Results using connection definition using high-rank politicians is here .
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any/majority-party politician at time t. Results using connection definition using high-rank politicians is here .
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Firm Performance:
Causal Inference
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Causality: RD Design

I Causal identification of the effect of connections on growth.

I Regression discontinuity (RD) design:
I Discontinuities in local elections decided on a thin margin.
I Close races determined by a ”chance” (Lee, 2008):
→ random assignment of treatment.

I Compare firms connected with politicians from marginally
winning vs marginally losing parties right before the election.

I 37,005 elections at municipality, province, and regional level.
I 2.3K (5.7K) with 2% (5%) margin of victory.
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Marginal Election Counts by Provinces

1

36

9

2

15

5

20

44

15

13

21

72
20

7

0

68

8

27

6

22

47

8

29

40

48

74

27

13

36

2

7

5

2537

20

5

12

5

22

32

3

12

49

25

5

19

12

20

21

3

12

13

47

7

33

21

20

24

44

15

10

45

16

8

20

9

7
7

7

26

3

3

0

21

5

59

15

69
37

26

2

1

26

14

11
11

91

4

3

42 0

9

43

12

17

16
33

23

53

20

3636

9
151515

55

202020

444444

15

13131313

2121

72727272
20202020

7

68686868

8888

2727

4747

292929

40

4848

7474

27

13

363636

5

25252537373737

202020

121212

2222

3

12

4949

252525

1919191919

1212

202020

2121

121212

1313

474747

3333

2121

20

242424

44444444

101010

45454545

16

20202020

9999

7
7

7

262626

3

3

2121

5555

5959

151515

69
37

26

2

262626

1414

11111111
11111111

9191

424242 043

121212

171717

161616
3333

232323

535353

202020

Number of local elections per province with 2% Victory Margin
 

Marginal Elections 
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I 37,005 elections at
municipality, province
and regional level;

I 2.3K (5.7K) with 2%
(5%) margin of
victory.
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Election Margin Distribtuion

decisive round:
margin of victory ≡ p1 − p2.

There were 36,513 municipality elections during 1993-2014 period. Out of those, 19,589 were
decided within a 20% margin, 5,879 within a 5% margin, and 2,395 within a very narrow 2% margin.
At the province level, 846 out of 1,162 elections were decided within a 20% margin, 266 and 62 –
within 5% and 2% margins, respectively.26 This provides us with a large sample for our regression
discontinuity analysis presented later. Even with a thin margin of victory of 4% (for example, an
election with 48%-52% outcome), we have more than 20 thousand RLP politicians for whom we have
detailed party affiliation and social security information from INPS. Appendix Figure ?? shows that
marginal elections have been geographically scattered all over Italy and there does not seem to be
a particular geographic concentration. Figure 8 shows the distribution of victory margins in our
sample period.

Figure 8: Distribution of Elections by Margins of Victory
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Notes: Histogram plotting distribution of elections by their respective margins of victory. Margin of victory is equal to
the difference between share of votes received by a winning candidate minus the share of votes by a runner-up.

Random outcomes of marginal elections. Our identification strategy relies on randomness of elec-
tion outcomes when the margin of victory is close to zero. The biggest threat to this randomness
could come from incumbency advantage. We examine this possibility by looking at reelection prob-
ability of incumbent parties as a function of a margin of victory in the next election. We focus on
all elections where an incumbent party or coalition is either a winner or a runner-up in the next
election. Figure 9 plots the share elections won by an incumbent party as a function of the margin
of victory. We see that in non-contested elections, incumbent parties have significant advantage.
However, closer to the zero margin of victory, the outcome of an election resembles a coin flip –
incumbent is exactly as likely to win as the other candidate.

26At the regional level, 62 out of 266 elections were decided within a 20% margin and 21 were decided within a 5%
margin, and just 10 elections were decided within a 2% margin.

23

Margin of victory = pwinner − ploser
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Probability of Re-election

Probability of Re-election against the Victory MarginFigure 9: Probability of Re-election against the Margin of Victory
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Notes: Probability of re-election as a function of a margin of victory in the election. Re-election is equal to one if a
winning party/coalition is the same (or shares at least one common party in the case of coalitions) as an incumbent
party/coalition that won the last election. Margin of victory is equal to the difference between share of votes received by
a winning candidate minus the share of votes by a runner-up. The sample focuses on all the elections where margin of
victory is less than 0.2 and an incumbent party/coalition is either a winner or a runner-up.

Another potential concern could be that if, in anticipation of a closely contested election, firms
employ politicians from both competing parties, our identification of treated and control groups in
RD would be noisy. We check for this possibility in Figure 10, where the x-axis shows that share of
workers in a company that is a member of the winning party in all the elections with at most 10%
margin. The interesting finding result here is that only 4% of firms employ politicians from both
competing parties simultaneously27. We see that firms almost always “bet” only on one side of an
election.28 While 75% of the firms hire only from the winning party, 20% of the firms hire only from
the losing party.

5.2 Regression Specification

Now we are ready to describe our econometric specification. Let m denote an election that has been
decided on a thin margin, T(m) the year in which it was held, yiT(m) the outcome variable (e.g., firm
i’s employment or labor productivity growth from T(m) to T(m) + 1), WiniT(m)−1 a dummy equal
to one if firm i at time T(m)− 1 employs a politician from a party that marginally wins the election
m. We ultimately estimate the following relationship:

yiT(m) = α + βWiniT(m)−1 + f (marginm) + δ1XiT(m) + δ2Xm + δ3XT + νiT(m) (2)

27In the subsequent analysis, we drop those cases.
28Though it is tempting to infer from this figure that firms seem to anticipate election outcomes just because there is

a larger mass at one than zero, it is not true. Indeed, this comes from the nature of our data – we cannot identify those
candidates on the party’s list who did not get a seat due to them being further down a party’s list (they would not get
listed in the RLP). As a result, we automatically observe fewer politicians from a losing party than from a winning party,
hence larger mass of firms at one.

24
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RD Estimation

yiT(m) = α+ βWiniT(m)−1 + f (marginm)+ (δ1XiT(m)+ δ2Xm + δ3XT)+ νiT(m)

I T(m) - time of a marginal election m.
I yiT(m) - outcome for firm i at T(m).

I WiniT(m)−1 - dummy equal to one if at T(m)− 1 i is connected with a
member of a marginally winning party in the election m at T(m).

I Marginm - victory margin: difference in vote shares btw a winner and
the runner-up.

I f (marginm) is a third-order smooth polynomial estimated on both
sides of the threshold.

I XiT(m), Xm, XT : firm controls, time, location F.E.
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Employment Growth (within 5%, 10% Margins)

Empl Growth After Election (T → T + 1, 5%)

Figure 26: Employment and LP Growth after Election, RD. 5% Margin of Victory Sample.

(a) Employment growth after election(T → T + 1)
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Notes: Figure plots firm’s growth from T to T + 1 against margin of victory at time T for the sample of elections
within the 5% margin of victory. Positive margins of victory denote firms that have been connected at time T − 1 with
a politician from a party that won an election at time T with a corresponding margin of victory. Likewise, negative
margins of victory depict firms that are connected with losing politicians. For visibility, we divide X-axis into 0.01-wide
intervals of the margin of victory at time T and each point denotes average outcome of firms in that interval. The solid
lines represent predicted third order polynomial fits from a regression that includes third-order polynomial in margin of
victory, a dummy Winit−1 and an interaction of the dummy with the polynomial (a regression in equation 2 that excludes
additional controls). Dashed line represents 90% confidence intervals. Outcome variable in Panel (a) is employment
growth, while in Panel (b) is labor productivity growth. Figures are normalized such that outcome variables for marginal
losers at the threshold are equal to zero.

Appendix Table B.6: Politicians’ Within-Firm Wage Premium

Municipality level politicians Province level politicians

Female Male Female Male

Blue-collar 1.06 1.08 1.15 1.04

White-collar 1.10 1.10 1.19 1.19

Regional level politicians High-rank politicians

Female Male Female Male

Blue-collar . . 1.09 1.08

White-collar 2.08 1.57 1.25 1.18
Notes: Table shows politicians’ within-firm wage premium by type of job and gender. Premium in each cell is defined as
average wage paid to politicians divided by average wage paid to non-politicians within same firm conditional on same
type of job and gender. Four different panels present wage premia calculated for politicians at the municipality level,
province level, regional level and high-rank politicians, respectively. Cells are empty if number of observations in that
cell are less than 100.

Empl Growth After Election (T → T + 1, 10%)
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Figure 26: Employment and LP Growth after Election, RD. 5% Margin of Victory Sample.
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Notes: Figure plots firm’s growth from T to T + 1 against margin of victory at time T for the sample of elections
within the 5% margin of victory. Positive margins of victory denote firms that have been connected at time T − 1 with
a politician from a party that won an election at time T with a corresponding margin of victory. Likewise, negative
margins of victory depict firms that are connected with losing politicians. For visibility, we divide X-axis into 0.01-wide
intervals of the margin of victory at time T and each point denotes average outcome of firms in that interval. The solid
lines represent predicted third order polynomial fits from a regression that includes third-order polynomial in margin of
victory, a dummy Winit−1 and an interaction of the dummy with the polynomial (a regression in equation 2 that excludes
additional controls). Dashed line represents 90% confidence intervals. Outcome variable in Panel (a) is employment
growth, while in Panel (b) is labor productivity growth. Figures are normalized such that outcome variables for marginal
losers at the threshold are equal to zero.

Appendix Table B.6: Politicians’ Within-Firm Wage Premium

Municipality level politicians Province level politicians

Female Male Female Male

Blue-collar 1.06 1.08 1.15 1.04

White-collar 1.10 1.10 1.19 1.19

Regional level politicians High-rank politicians

Female Male Female Male
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White-collar 2.08 1.57 1.25 1.18
Notes: Table shows politicians’ within-firm wage premium by type of job and gender. Premium in each cell is defined as
average wage paid to politicians divided by average wage paid to non-politicians within same firm conditional on same
type of job and gender. Four different panels present wage premia calculated for politicians at the municipality level,
province level, regional level and high-rank politicians, respectively. Cells are empty if number of observations in that
cell are less than 100.
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Employment Growth (within 5%, 10% Margins)

Empl Growth After Election (T → T + 1, 5%)

Figure 26: Employment and LP Growth after Election, RD. 5% Margin of Victory Sample.
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Notes: Figure plots firm’s growth from T to T + 1 against margin of victory at time T for the sample of elections
within the 5% margin of victory. Positive margins of victory denote firms that have been connected at time T − 1 with
a politician from a party that won an election at time T with a corresponding margin of victory. Likewise, negative
margins of victory depict firms that are connected with losing politicians. For visibility, we divide X-axis into 0.01-wide
intervals of the margin of victory at time T and each point denotes average outcome of firms in that interval. The solid
lines represent predicted third order polynomial fits from a regression that includes third-order polynomial in margin of
victory, a dummy Winit−1 and an interaction of the dummy with the polynomial (a regression in equation 2 that excludes
additional controls). Dashed line represents 90% confidence intervals. Outcome variable in Panel (a) is employment
growth, while in Panel (b) is labor productivity growth. Figures are normalized such that outcome variables for marginal
losers at the threshold are equal to zero.

Appendix Table B.6: Politicians’ Within-Firm Wage Premium

Municipality level politicians Province level politicians

Female Male Female Male

Blue-collar 1.06 1.08 1.15 1.04

White-collar 1.10 1.10 1.19 1.19

Regional level politicians High-rank politicians

Female Male Female Male

Blue-collar . . 1.09 1.08

White-collar 2.08 1.57 1.25 1.18
Notes: Table shows politicians’ within-firm wage premium by type of job and gender. Premium in each cell is defined as
average wage paid to politicians divided by average wage paid to non-politicians within same firm conditional on same
type of job and gender. Four different panels present wage premia calculated for politicians at the municipality level,
province level, regional level and high-rank politicians, respectively. Cells are empty if number of observations in that
cell are less than 100.
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Employment Growth (within 5%, 10% Margins)

Empl Growth After Election (T → T + 1, 5%)

Figure 26: Employment and LP Growth after Election, RD. 5% Margin of Victory Sample.
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Notes: Figure plots firm’s growth from T to T + 1 against margin of victory at time T for the sample of elections
within the 5% margin of victory. Positive margins of victory denote firms that have been connected at time T − 1 with
a politician from a party that won an election at time T with a corresponding margin of victory. Likewise, negative
margins of victory depict firms that are connected with losing politicians. For visibility, we divide X-axis into 0.01-wide
intervals of the margin of victory at time T and each point denotes average outcome of firms in that interval. The solid
lines represent predicted third order polynomial fits from a regression that includes third-order polynomial in margin of
victory, a dummy Winit−1 and an interaction of the dummy with the polynomial (a regression in equation 2 that excludes
additional controls). Dashed line represents 90% confidence intervals. Outcome variable in Panel (a) is employment
growth, while in Panel (b) is labor productivity growth. Figures are normalized such that outcome variables for marginal
losers at the threshold are equal to zero.

Appendix Table B.6: Politicians’ Within-Firm Wage Premium

Municipality level politicians Province level politicians

Female Male Female Male

Blue-collar 1.06 1.08 1.15 1.04

White-collar 1.10 1.10 1.19 1.19

Regional level politicians High-rank politicians

Female Male Female Male

Blue-collar . . 1.09 1.08

White-collar 2.08 1.57 1.25 1.18
Notes: Table shows politicians’ within-firm wage premium by type of job and gender. Premium in each cell is defined as
average wage paid to politicians divided by average wage paid to non-politicians within same firm conditional on same
type of job and gender. Four different panels present wage premia calculated for politicians at the municipality level,
province level, regional level and high-rank politicians, respectively. Cells are empty if number of observations in that
cell are less than 100.
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Productivity Growth (within 5%, 10% Margins)

LP Growth After Election (T → T + 1, 5%)

Figure 26: Employment and LP Growth after Election, RD. 5% Margin of Victory Sample.
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Notes: Figure plots firm’s growth from T to T + 1 against margin of victory at time T for the sample of elections
within the 5% margin of victory. Positive margins of victory denote firms that have been connected at time T − 1 with
a politician from a party that won an election at time T with a corresponding margin of victory. Likewise, negative
margins of victory depict firms that are connected with losing politicians. For visibility, we divide X-axis into 0.01-wide
intervals of the margin of victory at time T and each point denotes average outcome of firms in that interval. The solid
lines represent predicted third order polynomial fits from a regression that includes third-order polynomial in margin of
victory, a dummy Winit−1 and an interaction of the dummy with the polynomial (a regression in equation 2 that excludes
additional controls). Dashed line represents 90% confidence intervals. Outcome variable in Panel (a) is employment
growth, while in Panel (b) is labor productivity growth. Figures are normalized such that outcome variables for marginal
losers at the threshold are equal to zero.

Appendix Table B.6: Politicians’ Within-Firm Wage Premium

Municipality level politicians Province level politicians

Female Male Female Male

Blue-collar 1.06 1.08 1.15 1.04

White-collar 1.10 1.10 1.19 1.19

Regional level politicians High-rank politicians

Female Male Female Male

Blue-collar . . 1.09 1.08

White-collar 2.08 1.57 1.25 1.18
Notes: Table shows politicians’ within-firm wage premium by type of job and gender. Premium in each cell is defined as
average wage paid to politicians divided by average wage paid to non-politicians within same firm conditional on same
type of job and gender. Four different panels present wage premia calculated for politicians at the municipality level,
province level, regional level and high-rank politicians, respectively. Cells are empty if number of observations in that
cell are less than 100.
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RD Validation: Pre-Trends in Firm Growth

Empl Growth Before Election (T − 1→ T)
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RD Validation: Balancing Test
Connecting to Power: Political Connections, Innovation, and Firm Dynamics

Table 9: Balancing Tests

— Panel A. Sample of 2% Victory Margin —

Dependent
variable:

Log Size
Log Value

Added
Log Assets

Log
Intangibles

Log Labor
Productivity

Win Dummy 0.0665 0.0718 -0.000265 0.0404 -0.0636
(0.0676) (0.112) (0.120) (0.183) (0.0581)

Controls none none none none none
Observations 2,444 1,354 1,398 1,319 1,336

Dependent
variable:

Log Profits Age Center North

Win Dummy -0.100 -1.242 -0.0268 -0.0120
(0.163) (0.654) (0.0194) (0.0245)

Controls none none none none
Observations 999 2,521 2,523 2,523

— Panel B. Full Specification with the Sample of 20% Victory Margin —

Dependent
variable:

Log Size
Log Value

Added
Log Assets

Log
Intangibles

Log Labor
Productivity

Win Dummy 0.0678 -0.0443 -0.0993 -0.143 -0.0575
(0.0849) (0.136) (0.149) (0.227) (0.0703)

Controls yes yes yes yes yes
Observations 23,790 13,127 13,505 12,700 12,986

Dependent
variable:

Log Profits Age Center North

Win Dummy -0.142 -0.903 -0.00687 -0.0252
(0.203) (0.839) (0.0245) (0.0310)

Controls yes yes yes yes
Observations 9,741 24,414 24,453 24,453

Notes: Table reports differences in pre-determined firm characteristics (at time T − 1) between firms that are connected
to a winning party versus a losing party. Panel A reports coefficients from the regressions of the dependent variables
at time T − 1, yiT−1, on winning dummy WiniT−1, with no additional controls. WiniT−1 is a dummy variable equal to
one if a firm i at time T − 1 employs a politician from a party that wins the election at T. Panel B reports coefficients on
winning dummy WiniT−1 from the regressions of the dependent variables at time T − 1, yiT−1, on winning dummy and
third order polynomial in margin of victory interacted with winning dummy – similar to the benchmark RD regression
specification in (2). Dependent variables are reported in each column header. Robust standard errors are in parentheses.

analysis: within-group and within-individual comparisons.

Within-group comparison. First, we compute wage premiums of politicians relative to their co-
workers in the same groups, defined by type of job – white-collar or blue-collar, and gender (see
Appendix Table B.3 for more details). Figure 11 reports these within-group wage premiums for
white-collar politicians by political position’s hierarchical rank and geographic level. Panel (a) shows
that politicians obtain significant wage premiums, starting from 10% for any-rank politician, going
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Robustness and RD Validation

I Robustness with various margins of victory bands;

I Pre-trends in outcomes;

I Balancing tests;

I 1st- or 2nd-order polynomial;

I Regressions with or without controls.

I Firm survival using RD.
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III. Politicians’ Facts

1. Within group
2. Within individual
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Politician’s Compensation: Within Group

Within-group wage premium (within white-collar)
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Notes: Wage premium – politician’s wage relative to same job collar and gender co-workers’ average wage minus one.
Figure reports premium for the white-collar workers.
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Politician’s Compensation: Within Individual

Event Study: Within-Worker Wage Premium
Before and After Becoming a PoliticianFigure 14: Within-Firm Wage Premium Before and After Becoming a Politician
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Notes: The figure depicts within-individual within-firm wage premium evolution before and after becoming a politician.
Red dots depict event time dummy coefficients from regression (3). Omitted dummy is at t = −1. Dashed grey lines
denote 95% confidence intervals. Standard errors are clustered at the individual level. Vertical shaded area corresponds to
the time around the event when a worker becomes a politician for the first time while working in a firm. Wage premium –
the percentage difference between politician’s weekly wage and other co-workers’ average weekly wage. Sample includes
all the workers that at some point during their career in a firm become politicians and are observed in the firm before
and after the event.

firm of 2, 311 Euros. To the extent that firms could anticipate future political career of a worker,
estimating the wage gain only from a change in the wage premium is a conservative measure of
the rents paid by a firm to the politicians. To estimate gains in profits associated with political
connections, we use estimates from the firm-level fixed effect regression of yearly profit growth on
connection dummy (Table B.4), which amounts to 2.8 percentage points. Given the average value of
profits in the sample, we obtain an estimated 9, 037 Euros of static yearly profit gain for a firm. Then
our back-of-the-envelope calculation indicates that an additional wage premium paid to politicians
can account for 26% of the gains by the firm. Or in other words, politicians’ gains as a percentage of
the total suprlus from the interaction of a firm and politicians is 20%. Figure 15 depicts the division.
As discussed above, because of anticipation and other potential monetary transfers from a firm not
captured by the official private-sector wages, these calculations should be considered as a lower
bound for a surplus captured by the politicians.

Fact 7. Worker-politicians earn significant wage premia relative to their co-workers.
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Surplus Division
I Back of the envelope calculation for the rent division:

I Politician: Estimated yearly wage premium in a firm.
I Firm: Estimated profit gain from connection.

Fact 4: Market leaders are most politically 
connected but are least innovation intensive, 
relative to their direct competitors.

This is a key finding of the authors’ analysis. As a 
firm starts to dominate a market, the firm changes 
its business strategy from innovation to influence-
seeking (known as rent-seeking). Across markets, 
the authors chart the number of politicians per 
100 white-collar employees. As firms get larger 
they become more politically connected; at the 
same time, these firms become less innovation 
intensive. (See Figure 1.)

These results for Italy are consistent with earlier 
findings on U.S. firms1, which show that larger 
firms are less innovation-intensive and develop 
less impactful technologies. In this regard, an 
observation that large Italian firms and market 
leaders are less innovative is perhaps expected; 
however, the key finding in this research is that 
these firms rely more on political connections to 
maintain their advantage.

 
 
 
1 Akcigit, Ufuk and William R. Kerr, “Growth through 
Heterogeneous Innovations,” Journal of Political Economy,  
2018, 126(4): 1374-1443.

Fact 5: Politically connected firms are less likely 
to exit, conditional on other observables.

Not only are politically connected firms less likely 
to exit, but their survival probability increases 
with the value of their political connection: higher-
ranking politicians on a firm’s payroll mean more 
success for that firm. 

Fact 6: At the firm level, political connections are 
associated with higher employment and revenue 
growth but not with productivity growth.

Politically connected firms may hire more workers 
and earn more income, since they are typically 
growing more than their competitors, but this 
growth is not associated with gains in productivity. 
So, while on the one hand this employment 
growth may seem good for a few large firms and 
those who work for them, on the other hand this 
employment growth is limited to those few firms. 
Further, since this growth comes without increases 
in productivity, society will benefit less from it. 

Fact 7: Firms supporting losing parties in close 
elections grow much more slowly.

Imagine a close election featuring Party A and 
Party B, for instance, where each could possibly 
win. It’s a toss-up. In a healthy economy, it should 
not matter if a firm favors Party A or Party B, or 
employs principals from either party: the election 
is determined by a very small margin—almost by 
chance—and business should continue as before. 
However, the authors find that firms supporting 
the losing party grow more slowly compared to 
those who support the winning party. In this case, 
the age or size of a firm is no protection against 
this phenomenon. 

As a firm starts to dominate a 
market it changes its business 
strategy from innovation to 
influence-seeking.

Figure 2: Rent Sharing Between Firm and Politician 

         

Firm - 80%

Politicians - 20%

Notes: Back of the envelope calculation for the rent division between a firm and politicians. 
Total rent consists of firm’s yearly profit gain from connections (dark red area) and an 
additional yearly income gain for worker-politicians attributed solely to their political status 
(light red area). See the main text for the details of the calculation.

3Research Brief: “Connecting to Power: Political Connections, Innovation, and Firm Dynamics” 
Becker Friedman Institute at the University of Chicago · 1126 E. 59th Street, Chicago, IL 60637 · Main: 773.702.5599 · bfi.uchicago.edu	
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Stylized Facts, Summary
1. Market leadership is associated with:

I higher politicians intensity;
I lower innovation intensity.

2. Connected firms are older.

3. Connected firms are less likely to exit.

4. Connected firms experience
I higher employment and sales growth;
I lower productivity growth.

 Causality using RD design.

5. Industries with more politically connected firms have
I lower entry and higher share of connected entrants;
I lower share of young firms, firm growth and productivity.

6. Politicians have significant wage premia over co-workers.
———————————————
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Motivating Model
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Model
I Starting point: Benchmark Schumpeterian Model
I Frictions: at each time, firms face wedges in the input market.

I Hsieh and Klenow (2009) – reduced form representation;
I Example of various employment regulations:
→ form a ”work council”,
→ union representation,
→ health & safety committee,
→ benefits, hiring & firing costs,
→ regulation/bureaucracy costs

I Relevant for Italy: Firms’ spending on bureaucracy is estimated
1.6% of GDP (private R&D/GDP = 0.6%).

I Political connections reduce these frictions but come at a cost.

I Start from a model where connections are “well-intended”.

I Model highlight static gains vs dynamic losses.
———————————————
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Static Problem 1

I Unique sectoral output (Y) is produced as:

Y =
1

1− β

[
M

∑
m=1

q
β

1−β
m ym

]1−β

I ym: quantity of vintage m ∈ {1, .., M}.

I Different vintages are perfect substitutes after adjusting for
their quality.

I Incumbents or entrants can introduce M + 1st vintage
→ yet it might not get implemented.
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Static Problem 2

I Final good producer solves:

max
ym

 1
1− β

[
M
∑

m=1
q

β
1−β
m ym

]1−β

−
M
∑

m=1
pmym

 (1)

I Monopolist j produces with the following technology

yj = lj. (2)
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Static Problem 3
I Regulations create ”wedges” à la Hsieh and Klenow (2009).

=⇒ For each unit of input, wedge implies extra τ cost.
=⇒ Political connection removes the wedge but introduces
cost of the politician wp.

I Non-connected firm:

πn = max
l
{py− (1 + τ)wl} subject to (1) and (2).

I Politically connected firm:

πp = max
l
{py−wl−wp} subject to (1) and (2).

wp : exogenous politician compensation (later endogenized).
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Static Problem 4

If not connected If connected Change

Labor
[

(1−β)
(1+τ)w

] 1
β q vs

[
(1−β)

w

] 1
β q ↑

Revenue
[

(1−β)
(1+τ)w

] 1−β
β q vs

[
(1−β)

w

] 1−β
β q ↑

LP (1+τ)w
(1−β)

vs w
(1−β)

↓

Prediction 1: Connections lead to higher employment, revenue and
profits BUT lower labor productivity.
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Static Problem 5

I Define: Π ≡ β
[

1−β
w

] 1−β
β and set β = 1/2:

πn =
Πq

1 + τ
and πp = Πq−wp

I Connect iff πp > πn, i.e.,

qi > q̂s ≡ wp

Π
(1 + τ)

τ
.
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Static Connection Decision

0 𝑞

𝛑𝒑

𝛑𝒏

−𝒘𝒑
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Static Connection Decision

0
Static cutoff

Connect to lower static 
production cost

𝑞

Don’t connect

𝛑𝒑

𝛑𝒏

 𝑞𝑠−𝒘𝒑
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Static Connection Decision

0
Static cutoff

Connect to lower static 
production cost

𝑞

Don’t connect

𝛑𝒑

𝛑𝒏

 𝑞𝑠−𝒘𝒑

Prediction 2: Large firms are more likely to get connected.
Prediction 3: For any given size, firms are more likely to get connected if
the industry is more regulated (τ ↑).

———————————————
Ufuk Akcigit (University of Chicago) 55



Dynamics 1
I Introduce entry and innovation.

I Empirical fact: Connected firms are larger and older.

I Ability to develop political connections takes time (getting
exposed to a network).

I Two types of firms:
I type=0: unable to get connected,
I type=1: able to connect if they want to.

Entry. Connections:
I Share of firms α enters as type=1.

I Switch from type=0 to type=1 at a Poisson arrival rate of ζ.
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Dynamics 2

Endogenous Entry:
I Innovation arrival rate is p.

I Draw an innovation size λ ∼ F (0, ∞):

qM+1 = (1 + λ)qM.
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Dynamics 3

Entrants have better technology but are usually disadvantaged in
removing regulatory burden:

I Case 1: incumbent type=0, entrant type=0: λ > 0

I Case 2: incumbent type=1, entrant type=1: λ > 0
I Case 3: incumbent type=0, entrant type=1: λ > 0
I Case 4: incumbent type=1, entrant type=0:

I Subcase 1 (q < q̂d): incumbent→ do not connect: λ > 0
I Subcase 2 (q ≥ q̂d): incumbent→ connect: λ > λ∗ ≡ τ

Hence, when q ≥ q̂d, probability of replacement is:

p̃ = p[α + (1− α)Pr(λ > λ∗)]
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Dynamics 4

We need to solve for q̂d

I V−1: Firm value for q < q̂d

I V1: Firm value for q ≥ q̂d when type=1
I V0: Firm value for q ≥ q̂d when type=0

rV−1 = Π (1 + τ)−1 q− pV−1

rV1 = Πq−wp − p̃V1

rV0 = Π (1 + τ)−1 q− pV0 + ζ [V1 −V0]
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Dynamics. Connection Decision

0 𝑞

𝛑𝒑

𝛑𝒏

−𝒘𝒑

Preemptive motives to connect: firms connect earlier to reduce incen-
tives of others to enter and compete.
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0
Static cutoff
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Dynamics. Connection Decision

0
Static cutoff

Connect to lower static 
production cost

𝑽𝟏

𝑞
Dynamic cutoff

Connect to lower static 
production cost  and to 

deter entry

Don’t connect

𝑽−𝟏

𝛑𝒑

𝛑𝒏

−𝒘𝒑  𝑞𝑠 𝑞𝑑

Preemptive motives to connect: firms connect earlier to reduce incen-
tives of others to enter and compete.
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Model. Discussion

Static cut-off:︸ ︷︷ ︸ Dynamic cut-off:︸ ︷︷ ︸
q̂s ≡ wp

Π[1− 1
1+τ ]

VS q̂d ≡ wp

Π[1−
(

r + p̃
r + p

)
︸ ︷︷ ︸

strategic

1
1+τ ]

Recall:
p̃ = p[α + (1− α)Pr(λ > τ)]

Prediction 4: Connected incumbents are less likely to exit.

Prediction 5: Connected incumbents are more likely to be replaced by
connected entrants.

Prediction 6: Connected industries have lower reallocation.
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Model. Discussion

Static
I Gains by removing frictions in the economy. ”Well-intended”

connections.

Dynamic
Two reasons for lower entry and reallocation:

1. Response to the unequal distribution (α < 1) of power;
2. Strategic anticipation by incumbents.
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Model Predictions
Rent-seeking incentives:

1. Large firms are more likely to get connected , BUT are least innovative.

2. For any given size, firms are more likely to get connected if the
industry faces bigger bureaucratic/regulatory burden.

Private returns:

3. Connections lead to higher employment, revenue and profits BUT
lower labor productivity.

4. Connected incumbents are less likely to exit.

Aggregate implications:
5. In industries with more connected incumbents, entrants are also more

connected.
6. In more connected industries: lower entry and reallocation, larger and

older firms with lower productivity, lower average growth.
———————————————
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Model Extension:

Endogenous Politician Compensation
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Endogenous Politician Compensation I/II

I Politicians have different political power, φ ∈ (0, 1):
πq

1 + (1− φ) τ
.

I Nash bargaining (γ, politician’s bargaining power):

w̄p (φ) ≡ arg max
w̄p(φ)

[
Vφ

1 (q)−V−1(q)− w̄p(φ)
]1−γ

[w̄p (φ)− η (φ)]γ

= γπq
(

1
[1 + (1− φ) τ] [r + p̃ (φ)]

− 1
[1 + τ] [r + p]

)
+ (1− γ) η (φ)

———————————————
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Endogenous Politician Compensation II/II

The rate of creative destruction:

p̃(φ) = p[α + (1− α)Pr(λ > φτ)],

which implies p̃′(φ) < 0.

Prediction 7: A firm that is connected to a more powerful politician
is more likely to survive.

Prediction 8: Politician’s compensation w̄p (φ) increases in his/her
political power φ.
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Final Remarks

I New empirical findings on the relation between political
connections and number of micro and macro moments in Italy.

I A new model of firm dynamics, innovation, and political
connections.

I Future work: quantify importance for aggregate productivity
and welfare.
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Implications for the U.S.:

Return on lobbying
investment in the U.S.

= 22,000%.

Financial institutions that
spent more on lobbying

benefited disproportionately
from bank bail-outs.
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Thank You...
www.ufukakcigit.com
uakcigit@uchicago.edu
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